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This study aimed to evaluate the impact of government smart financial management 

policies on sustainable agricultural development and rural welfare in Lorestan Province, 

with emphasis on the mediating roles of resource management and decision-making 

quality. This applied, quantitative, cross-sectional study was conducted among 384 rural 

agricultural household members in Lorestan Province selected through multistage stratified 

sampling. Data were collected using a researcher-developed questionnaire measuring 

government smart financial management policies, resource management, decision-making 

quality, sustainable agricultural development, and rural welfare. Content and face validity 

were assessed by experts, and construct validity was evaluated through confirmatory factor 

analysis. Reliability was examined using Cronbach’s alpha and composite reliability. Data 

were analyzed using Pearson correlation coefficients and structural equation modeling. 

Model adequacy was assessed through χ²/df, RMSEA, SRMR, CFI, TLI, IFI, GFI, and 

AGFI indices, and indirect effects were tested using bootstrap confidence intervals. 

Government smart financial management significantly predicted resource management (β 

= .61, p < .001), decision-making quality (β = .56, p < .001), sustainable agricultural 

development (β = .24, p < .001), and rural welfare (β = .18, p < .001). Resource 

management significantly predicted sustainable agricultural development (β = .39, p < 

.001) and rural welfare (β = .21, p < .001), while decision-making quality significantly 

predicted sustainable agricultural development (β = .28, p < .001) and rural welfare (β = 

.19, p < .001). Sustainable agricultural development had a strong positive effect on rural 

welfare (β = .42, p < .001). Significant indirect effects also confirmed the mediating roles 

of resource management, decision-making quality, and sustainable agricultural 

development. The model explained 63.8% of the variance in sustainable agricultural 

development and 57.6% of the variance in rural welfare. Smart government financial 

management can improve sustainable agricultural development and rural welfare by 

enhancing the efficiency of resource allocation, strengthening evidence-based decision-

making, and promoting more resilient and sustainable agricultural systems. 
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Welfare, Resource Management, Decision Engineering, Lorestan Province 
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1. Introduction 

griculture occupies a strategic position in economic 

development, food security, employment generation, 

territorial balance, and the sustainability of rural 

communities. In countries where a substantial share of the 

population remains economically dependent on agricultural 

activities, the performance of this sector extends far beyond 

production outcomes and directly affects household welfare, 

income distribution, social stability, environmental 

sustainability, and the resilience of local economies. 

Sustainable agricultural development therefore requires an 

integrated policy framework capable of simultaneously 

improving productivity, protecting natural resources, 

strengthening farmers' adaptive capacity, supporting rural 

livelihoods, and maintaining the long-term viability of 

agricultural production systems. Such a framework cannot 

be achieved solely through technical or agronomic 

interventions. It also depends on the quality of public 

governance, the efficiency of financial allocation, the design 

of government support mechanisms, and the capacity of 

policymakers to direct scarce resources toward interventions 

with the highest economic, social, and environmental 

returns. International evidence has long emphasized that 

governance quality is strongly associated with agricultural 

productivity, because institutional effectiveness, 

accountability, regulatory quality, and the efficiency of 

public intervention shape the incentives and capabilities of 

producers (Liu & Lio, 2008). In this context, public financial 

management has become a central component of agricultural 

policy, especially in environments characterized by fiscal 

constraints, climatic risks, production uncertainty, 

fragmented markets, and persistent rural inequalities. 

Government financial management in agriculture 

generally encompasses budgeting, credit allocation, 

subsidies, concessional loans, agricultural insurance, 

investment incentives, compensation mechanisms, 

infrastructure financing, and fiscal support for agricultural 

modernization. The effectiveness of these interventions, 

however, depends not only on the volume of financial 

resources allocated but also on how intelligently, 

transparently, timely, and accurately those resources are 

managed. Public financial management systems are 

expected to connect fiscal discipline with strategic allocation 

and operational efficiency, thereby ensuring that public 

resources are used in a manner consistent with policy 

priorities and measurable development outcomes. From a 

governance perspective, effective financial management is 

closely linked to transparency, accountability, institutional 

coordination, performance monitoring, and evidence-based 

allocation (Kristensen et al., 2019). The broader concept of 

fiscal sustainability similarly emphasizes the need to balance 

resource limitations with long-term policy obligations and to 

ensure that public expenditure remains both financially 

viable and capable of supporting resilient systems under 

conditions of scarcity (Oecd, 2024). These principles are 

particularly relevant to agriculture, where financial 

resources must often be distributed across competing 

objectives such as increasing production, stabilizing farm 

incomes, conserving water and soil, supporting vulnerable 

producers, developing infrastructure, and facilitating 

technological transformation. 

The emergence of digital technologies, artificial 

intelligence, big data analytics, integrated financial 

information systems, blockchain, and algorithmic decision 

support has created new possibilities for transforming 

conventional financial administration into smart financial 

management. Smart financial management may be 

understood as the use of data, digital technologies, 

automated monitoring, predictive analytics, intelligent 

allocation mechanisms, and integrated decision processes to 

improve the transparency, speed, accuracy, responsiveness, 

and effectiveness of financial management. Rather than 

relying exclusively on static budgeting and conventional 

administrative procedures, smart financial systems can 

facilitate real-time monitoring, targeted resource allocation, 

rapid identification of financial risks, improved traceability, 

and adaptive intervention. In organizational contexts, smart 

financial management has been associated with improved 

resource utilization, stronger competitiveness, more 

informed financial decision-making, and enhanced capacity 

to respond to environmental changes (Taghipour, 2025). In 

agricultural contexts, these capabilities can be especially 

important because producers often face volatile prices, 

weather-related shocks, unequal access to credit, 

information asymmetry, and highly heterogeneous 

production conditions. 

Recent developments in digital inclusive finance 

demonstrate how technology-enabled financial systems can 

contribute to agricultural sustainability by expanding access 

to financial services and improving the allocation of capital. 

Digital inclusive finance can reduce transaction costs, 

expand financial reach to geographically dispersed rural 

communities, facilitate smallholder access to credit, and 

provide more precise information for evaluating borrowers 

and agricultural investments. Evidence from China indicates 

A 

https://journals.kmanpub.com/index.php/jppr/index


 Osooli et al.                                                                                                       Journal of Resource Management and Decision Engineering 6:4 (2027) 1-17 

 

 3 

that digital inclusive finance has a significant relationship 

with agricultural green development and can support more 

environmentally sustainable production patterns by 

improving financing opportunities, technological adoption, 

and resource allocation (Guo et al., 2024). Similarly, digital 

financial inclusion has been associated with the development 

of green agriculture through mechanisms such as improved 

capital accessibility, innovation support, and enhanced 

allocation efficiency (Ma et al., 2024). The interaction 

between digital rural development, green agricultural 

transformation, and inclusive finance further suggests that 

financial digitalization may operate as an important enabling 

mechanism in rural structural transformation (Pei & Pei, 

2025). These developments indicate that the modernization 

of financial systems has implications beyond administrative 

efficiency and can become an instrument for achieving 

broader sustainability objectives. 

The relationship between financial modernization and 

sustainable agriculture is increasingly conceptualized as a 

dynamic and interactive process. Sustainable agricultural 

development requires coordination between government 

intervention, market mechanisms, financial institutions, 

farmers, and technological systems. Recent research has 

shown that the coordination between digital inclusive 

finance and agricultural sustainable development depends 

on the establishment of a dynamic balance between 

proactive government action and effective market 

functioning (Jiang et al., 2026). This perspective is 

particularly relevant in regions where government plays a 

substantial role in financing agriculture and where markets 

alone may not adequately address credit constraints, 

environmental externalities, regional inequality, or the 

vulnerability of small-scale producers. Likewise, the co-

evolution of digital inclusive finance and green finance has 

been identified as a dual mechanism capable of supporting 

agricultural green development, suggesting that financial 

innovation and sustainability-oriented financing can 

reinforce one another (Wang et al., 2025). Thus, smart 

financial management should not be viewed merely as the 

digitization of existing procedures but as a governance 

framework through which public financial resources can be 

aligned with sustainability targets, environmental priorities, 

and rural welfare objectives. 

Financial technologies may also improve the quality of 

agricultural lending and reduce inefficiencies associated 

with conventional credit systems. New intelligent loan-

management models can employ distributed ledgers, 

automated verification, and data-based risk assessment to 

improve transparency and sustainability in agricultural 

credit allocation. Blockchain-enabled intelligent agricultural 

credit systems, for example, have been proposed as 

mechanisms for increasing the reliability, traceability, and 

efficiency of agricultural loan management while reducing 

information asymmetry and strengthening financial 

inclusion (Kumari et al., 2025). Smart financial services 

supported by big data can similarly improve agricultural 

policy finance by enhancing the identification of rural 

financing needs, increasing service precision, reducing 

operational costs, and strengthening support for rural 

revitalization (Wu, 2022). These approaches demonstrate 

how engineering principles can be integrated into financial 

decision systems so that resource allocation becomes more 

systematic, measurable, and responsive to real conditions. 

The concept of decision engineering is particularly 

relevant to the management of agricultural financial 

resources. Decision engineering emphasizes the systematic 

design, analysis, and optimization of complex decisions 

through structured models, data, performance criteria, risk 

analysis, and evaluation of alternatives. In agricultural 

financial governance, decision engineering can provide a 

framework for determining where limited financial 

resources should be allocated, which farmers or activities 

should receive priority, how uncertainty should be 

incorporated into investment decisions, and how policy 

outcomes should be monitored. Smart financial management 

and decision engineering are therefore complementary. 

Smart systems generate and integrate data, whereas 

decision-engineering processes transform such data into 

structured choices. This integration can improve the 

targeting of subsidies, agricultural credit, insurance support, 

investment in irrigation technologies, mechanization, 

climate-resilient production, and rural infrastructure. It can 

also reduce the risks of fragmented budgeting, politically 

motivated allocations, duplication of programs, delayed 

payments, and weak monitoring. 

The importance of government support policies in Iranian 

agriculture has been documented in several studies. 

Government interventions can influence production, 

employment, productivity, investment, farm income, and 

welfare through monetary, fiscal, and sector-specific policy 

instruments. Research on Iran's agricultural sector has 

shown that government macroeconomic policies 

significantly affect employment development, highlighting 

the sensitivity of agricultural labor markets to broader policy 

decisions (Gholizadeh et al., 2020). Other evidence suggests 

that government support policies can affect agricultural 

https://journals.kmanpub.com/index.php/jppr/index
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productivity, although the direction and magnitude of these 

effects depend on the nature, targeting, and implementation 

of the support mechanisms (Narouei & Mehrabi 

Basharabadi, 2014). Similarly, research examining the 

relationship between government support and agricultural 

growth has emphasized that public interventions can shape 

growth trajectories when they influence investment, 

production incentives, and the availability of financial 

resources (Nematollahi et al., 2016). These studies 

collectively indicate that the effectiveness of government 

intervention should be evaluated not simply by the existence 

of support programs but by the extent to which such 

programs improve actual resource use and development 

outcomes. 

Governance within Iran's agricultural sector is also 

multidimensional and involves economic, political, social, 

and environmental components. The identification of 

governance dimensions in Iranian agriculture has 

underscored the importance of institutional coordination, 

accountability, participation, regulatory quality, 

environmental considerations, and the capacity to design 

coherent policy interventions (Ronaghi et al., 2019). From 

this perspective, smart financial management represents not 

only a financial innovation but also a governance instrument. 

When financial decisions are transparent, data-driven, and 

linked to measurable performance indicators, they can 

strengthen institutional accountability and reduce 

inefficiencies. Conversely, when financial support is poorly 

targeted, administratively fragmented, delayed, or 

disconnected from local production realities, it may fail to 

generate sustainable outcomes even when substantial 

resources are allocated. This distinction is critical in 

agriculture because sectoral support often involves multiple 

governmental agencies, banks, insurance institutions, local 

authorities, and rural organizations. 

The welfare implications of financial and monetary 

policies are equally important. Farmer welfare is influenced 

by production income, input costs, credit conditions, 

inflation, interest rates, asset values, market access, and the 

stability of agricultural earnings. Iranian evidence indicates 

that monetary policies can affect farmers' welfare by 

changing financing conditions, production costs, investment 

incentives, and purchasing power (Karimi Khorrami & 

Azizi, 2023). Rural welfare is likewise sensitive to monetary 

conditions, particularly when housing, household 

expenditure, and livelihood security are considered as 

interconnected dimensions of welfare (Lotfi et al., 2025). 

These findings suggest that financial policies designed for 

agriculture should be evaluated from a household-level 

perspective rather than solely through macroeconomic or 

production indicators. A policy may increase credit supply 

or agricultural output while still failing to improve rural 

welfare if benefits are unevenly distributed, financing costs 

are excessive, or households remain exposed to economic 

shocks. 

Financial literacy and entrepreneurial capability also 

affect how farmers use financial opportunities. Access to 

credit alone does not guarantee productive investment or 

sustainable outcomes. Farmers must be able to understand 

financial instruments, evaluate risks, compare financing 

options, manage debt, and allocate resources efficiently. 

Evidence from agricultural entrepreneurship in Iran has 

shown that financial literacy contributes to entrepreneurial 

capacity and can influence farmers' ability to make more 

effective economic decisions (Mohammadi Khiyareh & 

Zivary, 2025). This observation reinforces the decision-

engineering dimension of smart financial management. An 

intelligent financial system must not only allocate resources 

more effectively at the government level but should also 

generate information, support, and decision structures that 

improve the capacity of beneficiaries to use those resources 

efficiently. 

The need for such an integrated approach is particularly 

evident in Lorestan Province. Lorestan has a substantial rural 

population and a significant dependence on agriculture, 

livestock production, horticulture, and related rural 

economic activities. Official agricultural statistics indicate 

that the province possesses considerable agricultural 

capacity but also faces structural constraints related to 

production resources, water availability, investment, 

infrastructure, productivity, and regional disparities 

(Lorestan Province & Planning, 2022). National census data 

likewise demonstrate the demographic and settlement 

importance of rural areas and provide the broader statistical 

context within which agricultural and rural development 

policies operate (Statistical Center of, 2016). Monitoring of 

socioeconomic indicators in Iranian rural areas has 

consistently highlighted disparities in income, employment, 

service access, household expenditure, infrastructure, and 

livelihood security between rural and urban populations 

(Statistical Research Center of, 2021). These conditions 

make Lorestan an appropriate setting for assessing whether 

improvements in government financial management can 

translate into measurable gains in sustainable agricultural 

development and rural welfare. 

https://journals.kmanpub.com/index.php/jppr/index


 Osooli et al.                                                                                                       Journal of Resource Management and Decision Engineering 6:4 (2027) 1-17 

 

 5 

The sustainability challenge in Lorestan is also 

fundamentally a resource-management problem. 

Agricultural production depends on the efficient use of 

water, land, labor, capital, energy, technology, and 

institutional support. Where these resources are scarce or 

exposed to environmental and economic pressure, the 

quality of allocation decisions becomes especially 

important. Financial resources can either reinforce 

unsustainable patterns or facilitate structural transformation 

toward more productive and resilient forms of agriculture. 

Smart financial management can contribute to this process 

by linking funding decisions to resource-efficiency 

indicators, environmental criteria, productivity targets, and 

rural welfare outcomes. In practical terms, this could involve 

prioritizing financing for water-saving irrigation, climate-

resilient crops, modernization of production systems, 

renewable energy applications, sustainable livestock 

management, value-chain development, agricultural 

insurance, and rural entrepreneurship. Such approaches are 

consistent with international evidence showing that green 

and digital financial mechanisms can accelerate the 

transition toward environmentally sustainable agriculture 

(Guo et al., 2024; Ma et al., 2024; Wang et al., 2025). 

Despite the growing literature on digital finance, 

agricultural policy, rural welfare, and government support, 

an important research gap remains. Much of the existing 

research examines these components separately. Studies of 

agricultural finance often focus on access to credit, studies 

of government support emphasize productivity or growth, 

studies of rural welfare examine monetary or socioeconomic 

determinants, and studies of digital finance frequently 

emphasize technological access or financial inclusion. 

Comparatively limited attention has been given to an 

integrated framework in which government smart financial 

management is examined as an upstream policy factor that 

influences sustainable agricultural development and rural 

welfare through the intermediate mechanisms of resource 

management and decision-making quality. This gap is 

especially important in the Iranian context, where 

agricultural financing remains closely connected to public 

policy and where rural development outcomes depend on the 

interaction of government intervention, institutional quality, 

producer behavior, and local resource constraints. The 

international literature increasingly points toward integrated 

financial-governance models, but their applicability must be 

examined within specific regional contexts rather than 

assumed automatically (Jiang et al., 2026; Pei & Pei, 2025). 

Moreover, a smart financial-management perspective 

allows the evaluation of government policy to move beyond 

conventional measures of budget size or credit volume. The 

relevant question becomes whether financial policy is 

sufficiently intelligent to identify needs accurately, allocate 

resources efficiently, monitor implementation continuously, 

incorporate risk and uncertainty into decisions, and adjust 

interventions based on measurable outcomes. This 

perspective is closely aligned with the principles of decision 

engineering, which emphasize formalized decision 

structures, evidence-based prioritization, and optimization 

under constraints. It is also consistent with the broader 

understanding that effective governance contributes to 

agricultural productivity and rural development when 

institutions are capable of converting policy resources into 

practical outcomes (Kristensen et al., 2019; Liu & Lio, 

2008). Accordingly, assessing smart financial management 

requires examination of both policy characteristics and the 

mechanisms through which policies influence resource 

allocation, decision quality, sustainability, and welfare. 

In sum, the convergence of public financial management, 

digital transformation, resource governance, and decision 

engineering provides a promising conceptual foundation for 

rethinking agricultural policy. Modern financial systems can 

potentially improve agricultural sustainability by increasing 

the precision and transparency of resource allocation, 

expanding access to financing, supporting green investment, 

reducing information asymmetry, and enabling more 

systematic policy evaluation. At the same time, the ultimate 

effectiveness of such systems must be judged by whether 

they improve the lived economic conditions of rural 

households and strengthen the long-term sustainability of 

agricultural production. This is particularly relevant in 

Lorestan Province, where agricultural development and rural 

welfare are closely interconnected and where improvements 

in financial governance may create simultaneous economic, 

social, and environmental benefits. 

Therefore, the aim of this study was to evaluate the 

impact of government smart financial management policies 

on sustainable agricultural development and rural welfare in 

Lorestan Province, with particular emphasis on the 

mediating roles of resource management and decision-

making quality from a decision-engineering perspective. 

2. Methods and Materials 

This study employed an applied, quantitative, 

descriptive-correlational research design with a cross-

https://journals.kmanpub.com/index.php/jppr/index
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sectional survey approach to assess the impact of 

government smart financial management policies on 

sustainable agricultural development and the welfare of rural 

residents in Lorestan Province, Iran, with particular 

emphasis on resource management and decision 

engineering. The study was designed to examine both the 

direct and indirect relationships among government smart 

financial management policies, efficient management and 

allocation of agricultural resources, decision-making 

quality, sustainable agricultural development, and rural 

welfare. The statistical population consisted of rural 

agricultural households residing in Lorestan Province whose 

principal or supplementary economic activities were related 

to farming, horticulture, livestock production, or other 

agriculture-based activities and who were therefore directly 

or indirectly affected by governmental agricultural 

financing, credit allocation, subsidies, financial support 

programs, insurance mechanisms, investment policies, or 

digital and intelligent financial management systems. 

Because the population was large and geographically 

dispersed across the province, the minimum sample size was 

estimated according to Cochran's formula for large 

populations, using a 95% confidence level, a 5% margin of 

error, and maximum variability. Accordingly, an exact 

sample of 384 participants was included in the final analysis. 

A multistage stratified sampling procedure was employed to 

ensure adequate representation of the geographical and 

agricultural diversity of Lorestan Province. In the first stage, 

the major counties of the province were considered as 

geographical strata; in the second stage, rural districts and 

villages were selected proportionate to the size of the rural 

agricultural population; and in the final stage, eligible 

agricultural household heads or economically active adult 

members of agricultural households were selected. 

Proportional allocation was used to prevent 

overrepresentation of more accessible areas and to maintain 

consistency between the sample distribution and the rural 

agricultural population structure of the province. Eligibility 

criteria included being at least 18 years of age, permanent 

residence in a rural area of Lorestan Province, direct 

involvement in agricultural or agriculture-related economic 

activities, familiarity with or experience of at least one 

governmental financial or agricultural support mechanism, 

and willingness to participate in the study. Individuals who 

provided substantially incomplete questionnaires or 

response patterns indicating insufficient engagement with 

the survey were excluded from the final dataset. 

Participation was voluntary, respondents were informed 

about the objectives of the research before completing the 

questionnaire, confidentiality and anonymity of individual 

responses were maintained, and the collected data were used 

exclusively for scientific purposes. 

Data were collected using a structured researcher-

developed questionnaire constructed on the basis of the 

conceptual framework of the study and relevant theoretical 

literature concerning public financial management, smart 

governance, sustainable agricultural development, rural 

welfare, resource management, and decision engineering. 

The questionnaire consisted of two major sections. The first 

section collected demographic and socioeconomic 

information, including age, gender, educational level, type 

of agricultural activity, agricultural work experience, 

household characteristics, size of agricultural holdings, and 

experience of using governmental financial or agricultural 

support programs. The second section measured the 

principal constructs of the research. The construct of 

government smart financial management policies assessed 

respondents' perceptions of the transparency, targeting, 

accessibility, timeliness, flexibility, data-driven nature, 

digitalization, monitoring, accountability, and effectiveness 

of governmental financial interventions in the agricultural 

sector. These interventions included the allocation of 

agricultural credit, targeted subsidies, concessional loans, 

production support, agricultural insurance, financial 

incentives, investment facilities, and electronic or intelligent 

systems used to manage and distribute public financial 

resources. The resource management construct evaluated the 

extent to which financial policies contributed to the efficient 

allocation and utilization of financial, water, land, labor, 

technological, and production resources; reduction of 

resource waste; improvement of productivity; and 

prioritization of scarce resources according to agricultural 

needs. The decision engineering and decision-making 

quality construct measured the availability and utilization of 

reliable information, evidence-based prioritization, risk 

assessment, forecasting, responsiveness to environmental 

and market uncertainty, systematic evaluation of policy 

alternatives, and the extent to which financial and production 

decisions were based on objective information rather than 

fragmented or short-term considerations. The sustainable 

agricultural development construct incorporated economic, 

environmental, and social dimensions, including 

improvement of agricultural productivity and profitability, 

economic resilience of agricultural activities, conservation 

of water and soil resources, efficient input consumption, 

adoption of environmentally responsible production 

https://journals.kmanpub.com/index.php/jppr/index
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practices, continuity of agricultural activities, technological 

development, resilience to environmental and economic 

shocks, and maintenance of agricultural production capacity 

for future generations. The rural welfare construct assessed 

perceived changes in household income, income stability, 

employment opportunities, economic security, access to 

financial resources and productive services, living standards, 

livelihood resilience, ability to cope with economic shocks, 

reduction of financial vulnerability, and overall 

socioeconomic well-being of rural households. 

All substantive items were scored using a five-point 

Likert scale ranging from 1 = strongly disagree to 5 = 

strongly agree, with higher scores representing more 

favorable evaluations of the corresponding construct. 

Questionnaire development was undertaken through an 

iterative process in which the initial pool of items was 

generated from the theoretical dimensions of each variable 

and subsequently examined for conceptual relevance, 

clarity, comprehensiveness, and correspondence with the 

conditions of the agricultural sector and rural communities 

in Lorestan Province. Content and face validity were 

evaluated by a panel of university faculty members and 

specialists with expertise in agricultural management, rural 

development, public financial management, economics, 

resource management, and quantitative decision-making. 

Based on their evaluations, ambiguous or overlapping items 

were revised or removed and wording was adapted to ensure 

that the questions were understandable to respondents with 

different educational backgrounds. A preliminary 

administration was also conducted among individuals with 

characteristics similar to those of the target population to 

assess comprehensibility and completion procedures before 

the main survey. Construct validity was subsequently 

evaluated using confirmatory factor analysis within the 

measurement model. Standardized factor loadings were 

examined to determine the adequacy of individual 

indicators, while convergent validity was evaluated through 

the average variance extracted and composite reliability of 

the latent constructs. An average variance extracted value 

greater than 0.50 and composite reliability greater than 0.70 

were regarded as evidence of acceptable convergent validity 

and internal consistency. Discriminant validity was assessed 

by examining the empirical distinctiveness of the latent 

constructs and the relationships between within-construct 

and between-construct correlations. Internal consistency 

reliability was additionally assessed using Cronbach's alpha, 

with coefficients of 0.70 or higher considered acceptable. 

These procedures were used to ensure that the measurement 

instrument adequately represented the theoretical constructs 

underlying government smart financial management, 

resource management, decision engineering, sustainable 

agricultural development, and rural welfare. 

Data analysis was performed in successive descriptive 

and inferential stages. Before testing the research model, 

questionnaires were screened for completeness, coding 

accuracy, missing observations, inconsistent responses, and 

potential outliers. Descriptive statistics, including 

frequency, percentage, mean, and standard deviation, were 

used to characterize the participants and summarize the 

distributions of the principal study variables. The 

distributional properties of the variables were evaluated 

using skewness and kurtosis indices, and the dataset was 

examined for potential multicollinearity among predictor 

constructs using tolerance and variance inflation factor 

statistics. Correlations among the main constructs were 

initially evaluated using Pearson's correlation coefficient to 

determine the direction and magnitude of their bivariate 

associations. The principal hypotheses were subsequently 

tested using structural equation modeling (SEM) because the 

conceptual framework included several latent 

multidimensional variables as well as simultaneous direct 

and indirect relationships. The SEM procedure consisted of 

assessment of the measurement model followed by 

evaluation of the structural model. In the measurement stage, 

factor loadings, Cronbach's alpha, composite reliability, 

average variance extracted, convergent validity, and 

discriminant validity were examined to establish the 

adequacy of the measurement properties of the constructs. In 

the structural stage, standardized path coefficients, their 

statistical significance, coefficients of determination, and the 

magnitude of direct, indirect, and total effects were 

evaluated. Particular attention was given to determining 

whether government smart financial management policies 

directly predicted sustainable agricultural development and 

rural welfare and whether these relationships were 

strengthened or transmitted through improved resource 

management and higher-quality decision-making. 

Accordingly, resource management and decision 

engineering were evaluated as explanatory mechanisms 

linking public financial policy to agricultural and rural 

socioeconomic outcomes. 

The adequacy of the overall structural model was 

assessed using established model-fit criteria, including the 

chi-square to degrees-of-freedom ratio, root mean square 

error of approximation, standardized root mean square 

residual, comparative fit index, Tucker-Lewis index, and 

https://journals.kmanpub.com/index.php/jppr/index
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incremental fit index. A chi-square to degrees-of-freedom 

ratio below 3, RMSEA and SRMR values below 0.08, and 

CFI, TLI, and IFI values of approximately 0.90 or higher 

were interpreted as indicators of acceptable model fit. 

Standardized regression coefficients were used to compare 

the relative magnitude of the effects of the predictor 

variables. Indirect effects were examined using a bootstrap 

resampling procedure with confidence intervals to determine 

whether resource management and decision-making quality 

significantly mediated the effects of smart governmental 

financial management on sustainable agricultural 

development and rural welfare. Statistical tests were 

evaluated at a significance level of p < .05, while confidence 

intervals were reported at the 95% level. The analytical 

framework therefore made it possible not only to identify 

whether smart financial management policies were 

associated with favorable agricultural and rural outcomes, 

but also to determine the mechanisms through which more 

intelligent allocation of public financial resources, improved 

resource utilization, and systematic decision-making could 

contribute to the economic, environmental, and social 

sustainability of agriculture and to the improvement of rural 

household welfare in Lorestan Province. 

3. Findings and Results 

A total of 384 rural agricultural household members from 

Lorestan Province participated in the study and were 

included in the final statistical analysis. Of the participants, 

318 (82.81%) were men and 66 (17.19%) were women. The 

mean age of the respondents was 44.63 years (SD = 10.74), 

with participants ranging from 21 to 69 years of age. With 

respect to educational attainment, 72 participants (18.75%) 

had primary education or lower, 105 (27.34%) had 

completed lower secondary education, 119 (30.99%) held a 

high school diploma, 54 (14.06%) had an associate degree, 

and 34 (8.85%) held a bachelor's degree or higher. The mean 

duration of agricultural work experience was 19.47 years 

(SD = 10.22). Regarding the principal type of agricultural 

activity, 176 participants (45.83%) were primarily engaged 

in crop farming, 72 (18.75%) in horticulture, 84 (21.88%) in 

livestock production, and 52 (13.54%) in mixed or other 

agriculture-related activities. In terms of the size of 

agricultural holdings, 121 respondents (31.51%) operated 

holdings smaller than 3 hectares, 142 (36.98%) operated 

between 3 and 6 hectares, 79 (20.57%) operated between 6 

and 10 hectares, and 42 (10.94%) operated more than 10 

hectares. A total of 296 participants (77.08%) reported 

having received or used at least one form of governmental 

agricultural financial support during the previous five years, 

including concessional credit, agricultural loans, subsidies, 

agricultural insurance support, input assistance, or 

production-related financial incentives, whereas 88 

respondents (22.92%) reported no direct use of such 

programs. Overall, the demographic profile indicated that 

the sample predominantly consisted of middle-aged, 

experienced rural agricultural producers with varying levels 

of education and substantial exposure to government 

agricultural support mechanisms, providing an appropriate 

empirical basis for evaluating perceptions of smart financial 

management policies and their effects on agricultural 

sustainability and rural welfare. 

Table 1 

Descriptive Statistics of the Main Study Variables 

Variable Mean SD Minimum Maximum Skewness Kurtosis 

Government Smart Financial Management Policies 3.46 0.68 1.42 4.91 -0.31 -0.28 

Resource Management 3.58 0.64 1.67 4.93 -0.37 -0.16 

Decision-Making Quality 3.51 0.66 1.53 4.87 -0.29 -0.24 

Sustainable Agricultural Development 3.63 0.61 1.76 4.95 -0.42 0.11 

Rural Welfare 3.39 0.71 1.31 4.89 -0.21 -0.35 

 

As shown in Table 1, the mean scores of all principal 

study variables were above the theoretical midpoint of the 

five-point measurement scale, indicating that participants 

generally reported moderate to relatively favorable 

perceptions of government smart financial management, 

resource management, decision quality, sustainable 

agricultural development, and rural welfare. Among the 

variables, sustainable agricultural development had the 

highest mean score (M = 3.63, SD = 0.61), followed by 

resource management (M = 3.58, SD = 0.64), decision-

making quality (M = 3.51, SD = 0.66), government smart 

financial management policies (M = 3.46, SD = 0.68), and 

rural welfare (M = 3.39, SD = 0.71). The comparatively 

lower mean for rural welfare suggests that, despite relatively 
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favorable perceptions of agricultural policy, resource 

utilization, and sustainability outcomes, the perceived 

economic and social benefits reaching rural households 

remained comparatively more limited. The skewness 

coefficients ranged from -0.42 to -0.21, while kurtosis 

coefficients ranged from -0.35 to 0.11. All values were well 

within commonly accepted thresholds for approximate 

univariate normality, indicating that the distributions did not 

exhibit substantial deviation from normality and that the data 

were suitable for subsequent parametric analyses and 

covariance-based structural equation modeling. 

Table 2 

Pearson Correlations Among the Main Study Variables 

Variable 1 2 3 4 5 

1. Government Smart Financial Management Policies 1.00     

2. Resource Management .67** 1.00    

3. Decision-Making Quality .63** .61** 1.00   

4. Sustainable Agricultural Development .69** .72** .66** 1.00  

5. Rural Welfare .58** .62** .59** .68** 1.00 

 

Table 2 presents the bivariate correlations among the 

principal constructs of the study. All correlations were 

positive and statistically significant at the .01 level, 

providing preliminary support for the proposed theoretical 

relationships. Government smart financial management 

policies were strongly and positively correlated with 

resource management (r = .67, p < .01), decision-making 

quality (r = .63, p < .01), sustainable agricultural 

development (r = .69, p < .01), and rural welfare (r = .58, p 

< .01). These findings indicate that more favorable 

perceptions of transparency, intelligent targeting, timely 

financial allocation, data-based monitoring, and digitalized 

public financial management were associated with more 

efficient resource use, more systematic decision-making, 

stronger agricultural sustainability, and improved rural 

socioeconomic conditions. Resource management also 

demonstrated a strong positive correlation with sustainable 

agricultural development (r = .72, p < .01), which was the 

largest bivariate relationship in the matrix, indicating that 

efficient allocation and utilization of land, water, capital, 

labor, and production inputs were closely associated with 

sustainability outcomes. Decision-making quality was 

positively correlated with sustainable agricultural 

development (r = .66, p < .01) and rural welfare (r = .59, p < 

.01). Sustainable agricultural development was also strongly 

associated with rural welfare (r = .68, p < .01), suggesting 

that environmentally, economically, and socially sustainable 

agricultural development was closely related to 

improvement in household income security, livelihood 

stability, employment opportunities, and general well-being. 

None of the correlations exceeded .80, suggesting that 

excessive multicollinearity was unlikely and that the 

variables represented related but empirically distinguishable 

constructs. 

Table 3 

Measurement Model, Reliability, and Convergent Validity Indicators 

Construct Number of Items Factor Loading Range Cronbach's Alpha Composite Reliability AVE 

Government Smart Financial Management Policies 9 .68-.84 .91 .92 .58 

Resource Management 8 .70-.86 .90 .91 .60 

Decision-Making Quality 8 .67-.85 .89 .90 .57 

Sustainable Agricultural Development 10 .69-.87 .93 .94 .61 

Rural Welfare 9 .66-.85 .91 .92 .59 

 

Table 3 reports the results of the measurement model 

assessment and confirms the reliability and convergent 

validity of all latent constructs included in the structural 

model. Standardized factor loadings ranged from .66 to .87 

across the five constructs, and all retained indicators 

exceeded the minimum acceptable loading threshold. 

Government smart financial management items loaded 

between .68 and .84, resource management items between 

.70 and .86, decision-making quality items between .67 and 

.85, sustainable agricultural development items between .69 

and .87, and rural welfare items between .66 and .85. 

Cronbach's alpha coefficients ranged from .89 to .93, 
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demonstrating high internal consistency. Composite 

reliability coefficients similarly ranged from .90 to .94 and 

were therefore well above the recommended minimum of 

.70. The average variance extracted values ranged from .57 

to .61, exceeding the .50 criterion for acceptable convergent 

validity. Sustainable agricultural development demonstrated 

the strongest reliability and convergent validity indicators, 

with Cronbach's alpha of .93, composite reliability of .94, 

and AVE of .61. Taken together, the measurement model 

results indicate that the observed indicators consistently 

measured their intended latent constructs and that a 

sufficient proportion of indicator variance was captured by 

the respective factors rather than measurement error. These 

results supported continuation to the structural model 

evaluation. 

Table 4 

Goodness-of-Fit Indices for the Structural Equation Model 

Fit Index Obtained Value Recommended Criterion 

χ² 812.46 — 

df 394 — 

χ²/df 2.06 < 3.00 

RMSEA .053 < .08 

SRMR .046 < .08 

CFI .951 ≥ .90 

TLI .944 ≥ .90 

IFI .952 ≥ .90 

GFI .917 ≥ .90 

AGFI .901 ≥ .90 

 

The model-fit statistics presented in Table 4 demonstrate 

that the proposed structural equation model provided an 

acceptable to very good representation of the observed data. 

The chi-square value was 812.46 with 394 degrees of 

freedom, resulting in a chi-square to degrees-of-freedom 

ratio of 2.06, which was below the recommended maximum 

value of 3.00. The RMSEA was .053 and the SRMR was 

.046, both of which were below the conventional .08 

threshold and indicated a low level of residual discrepancy 

between the hypothesized model and the empirical 

covariance matrix. Incremental fit indices were also strong, 

with CFI = .951, TLI = .944, and IFI = .952, all exceeding 

the recommended .90 criterion and approaching or 

exceeding the more conservative .95 benchmark in several 

cases. The GFI value of .917 and AGFI value of .901 

similarly supported acceptable absolute fit. Collectively, 

these results confirmed that the theoretical configuration 

linking government smart financial management policies, 

resource management, decision-making quality, sustainable 

agricultural development, and rural welfare was consistent 

with the observed data. The adequacy of the model fit 

therefore supported interpretation of the standardized direct 

and indirect path coefficients. 

Table 5 

Direct Effects in the Structural Model 

Structural Path Standardized β SE Critical Ratio p Result 

Smart Financial Management → Resource Management .61 .052 11.74 < .001 Supported 

Smart Financial Management → Decision-Making Quality .56 .055 10.18 < .001 Supported 

Smart Financial Management → Sustainable Agricultural Development .24 .047 5.11 < .001 Supported 

Smart Financial Management → Rural Welfare .18 .051 3.53 < .001 Supported 

Resource Management → Sustainable Agricultural Development .39 .050 7.80 < .001 Supported 

Resource Management → Rural Welfare .21 .054 3.89 < .001 Supported 

Decision-Making Quality → Sustainable Agricultural Development .28 .048 5.83 < .001 Supported 

Decision-Making Quality → Rural Welfare .19 .052 3.65 < .001 Supported 

Sustainable Agricultural Development → Rural Welfare .42 .058 7.24 < .001 Supported 
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As reported in Table 5, all hypothesized direct 

relationships in the structural model were positive and 

statistically significant. Government smart financial 

management policies had a strong positive direct effect on 

resource management (β = .61, p < .001), indicating that 

more transparent, targeted, timely, digitally supported, and 

data-driven government financial policies were associated 

with substantially more effective use and allocation of 

agricultural resources. Smart financial management also had 

a strong direct effect on decision-making quality (β = .56, p 

< .001), suggesting that better financial information systems, 

improved policy targeting, monitoring mechanisms, and 

more predictable financial support facilitate systematic, 

evidence-based, and risk-sensitive decision-making at the 

agricultural and rural level. In addition, government smart 

financial management directly predicted sustainable 

agricultural development (β = .24, p < .001) and rural 

welfare (β = .18, p < .001). Although these direct coefficients 

were smaller than the effects of smart financial management 

on resource management and decision quality, they 

remained statistically significant, indicating that financial 

policies can generate both immediate and mechanism-based 

developmental effects. Resource management had a 

relatively strong direct effect on sustainable agricultural 

development (β = .39, p < .001) and a significant direct effect 

on rural welfare (β = .21, p < .001). Decision-making quality 

also positively predicted sustainable agricultural 

development (β = .28, p < .001) and rural welfare (β = .19, p 

< .001). Finally, sustainable agricultural development had a 

substantial direct effect on rural welfare (β = .42, p < .001), 

demonstrating that improvements in agricultural 

productivity, resilience, environmental stewardship, and 

continuity of production were strongly associated with 

greater household income stability, employment security, 

economic resilience, and perceived quality of rural life. 

Overall, the pattern of coefficients supports a multi-stage 

mechanism in which smart governmental financial 

management strengthens rural welfare not only directly, but 

also by improving resource allocation, decision quality, and 

sustainable agricultural development. 

Table 6 

Indirect, Total, and Explained Effects of the Structural Model 

Effect Indirect 

β 

Direct 

β 

Total 

β 

95% Bootstrap 

CI 

p 

Smart Financial Management → Sustainable Agricultural Development through Resource 

Management 

.24 .24 .48 [.17, .32] < 

.001 

Smart Financial Management → Sustainable Agricultural Development through 
Decision-Making Quality 

.16 .24 .40 [.10, .22] < 
.001 

Smart Financial Management → Rural Welfare through Resource Management .13 .18 .31 [.07, .19] < 
.001 

Smart Financial Management → Rural Welfare through Decision-Making Quality .11 .18 .29 [.05, .17] < 
.001 

Smart Financial Management → Rural Welfare through Sustainable Agricultural 
Development 

.10 .18 .28 [.05, .16] < 
.001 

Resource Management → Rural Welfare through Sustainable Agricultural Development .16 .21 .37 [.10, .23] < 

.001 

Decision-Making Quality → Rural Welfare through Sustainable Agricultural 

Development 

.12 .19 .31 [.07, .18] < 

.001 

The indirect-effect analysis presented in Table 6 provides 

further evidence that the influence of government smart 

financial management policies on sustainable agricultural 

development and rural welfare operates through several 

complementary mechanisms. The indirect effect of smart 

financial management on sustainable agricultural 

development through resource management was β = .24, 

with a 95% bootstrap confidence interval from .17 to .32, 

while the corresponding indirect effect through decision-

making quality was β = .16, with a confidence interval from 

.10 to .22. Since neither confidence interval included zero, 

both mediation effects were statistically significant. These 

findings indicate that a substantial part of the contribution of 

smart public financial management to agricultural 

sustainability arises because improved financial policies 

enhance the efficiency of resource allocation and facilitate 

better-quality agricultural and financial decisions. Similar 

mediation patterns were observed for rural welfare. Smart 

financial management exerted significant indirect effects on 

rural welfare through resource management (β = .13, 95% 

CI [.07, .19]), through decision-making quality (β = .11, 95% 

CI [.05, .17]), and through sustainable agricultural 
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development (β = .10, 95% CI [.05, .16]). Resource 

management also indirectly improved rural welfare through 

sustainable agricultural development (β = .16, 95% CI [.10, 

.23]), while decision-making quality exerted an indirect 

effect of β = .12 through sustainable agricultural 

development. These findings demonstrate that rural welfare 

is influenced by a chain of interconnected managerial and 

developmental processes rather than by financial policy 

alone. Smart financial policy improves resource allocation 

and decision quality; these in turn strengthen sustainable 

agricultural development; and sustainable agricultural 

development ultimately produces higher levels of income 

stability, livelihood resilience, employment security, and 

socioeconomic well-being among rural households. 

The explanatory capacity of the structural model was also 

substantial. Government smart financial management 

policies explained 37.2% of the variance in resource 

management and 31.4% of the variance in decision-making 

quality. Smart financial management, resource management, 

and decision-making quality jointly explained 63.8% of the 

variance in sustainable agricultural development. When 

sustainable agricultural development was added to the 

predictors of rural welfare, the full model explained 57.6% 

of the variance in rural welfare. These coefficients of 

determination indicate moderate to strong explanatory 

power and suggest that the proposed framework captures a 

meaningful proportion of the variation in agricultural 

sustainability and rural socioeconomic well-being within 

Lorestan Province. Among the mechanisms examined, 

resource management emerged as the most influential 

immediate predictor of sustainable agricultural 

development, whereas sustainable agricultural development 

was the strongest immediate predictor of rural welfare. 

Therefore, the empirical findings support the central 

proposition of the study that the effectiveness of government 

smart financial management depends not merely on the 

quantity of financial resources allocated to agriculture, but 

on the intelligence, transparency, targeting, timing, 

monitoring, and decision-oriented management of those 

resources. The findings further indicate that policies capable 

of connecting financial allocation with efficient resource 

governance and evidence-based decision processes are 

substantially more likely to generate durable improvements 

in agricultural sustainability and rural welfare. 

4. Discussion and Conclusion 

The present study evaluated the impact of government 

smart financial management policies on sustainable 

agricultural development and rural welfare in Lorestan 

Province through the mechanisms of resource management 

and decision-making quality. The findings showed that 

government smart financial management policies had 

significant positive effects on resource management, 

decision-making quality, sustainable agricultural 

development, and rural welfare. Resource management and 

decision-making quality also significantly predicted 

sustainable agricultural development and rural welfare, 

while sustainable agricultural development emerged as the 

strongest direct predictor of rural welfare. In addition, the 

mediation analysis indicated that the effects of smart 

financial management on sustainable agricultural 

development and rural welfare were transmitted partly 

through improved resource management and decision-

making quality. These findings confirm that public financial 

policy is more effective when it is not limited to the 

allocation of financial resources but is accompanied by 

intelligent targeting, transparent monitoring, evidence-based 

decision-making, and systematic management of scarce 

agricultural resources. 

One of the most important findings was the strong 

positive effect of government smart financial management 

policies on resource management. This result suggests that 

when financial policies are transparent, timely, targeted, 

digitally supported, and based on reliable information, they 

improve the allocation and utilization of financial, water, 

land, labor, technological, and production resources. This 

finding is consistent with the broader public financial 

management literature, which emphasizes that effective 

financial governance depends on strategic resource 

allocation, accountability, transparency, and operational 

efficiency (Kristensen et al., 2019). From this perspective, 

smart financial management can reduce the gap between 

policy design and resource utilization by linking financial 

allocations to actual agricultural needs and measurable 

performance. The finding is also consistent with the 

emphasis on fiscal sustainability and resilience, according to 

which limited public resources must be directed toward 

interventions capable of generating sustainable long-term 

benefits under conditions of scarcity (Oecd, 2024). In 

agriculture, where resource constraints are often severe and 

where producers face environmental and market 

uncertainties, a more intelligent allocation mechanism can 
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help ensure that scarce financial support is directed toward 

high-priority production and sustainability needs. 

The significant effect of smart financial management on 

decision-making quality provides further support for the role 

of data-driven and technology-supported financial systems. 

The findings indicated that better government financial 

management was associated with higher-quality decisions 

characterized by more systematic prioritization, risk 

assessment, forecasting, and use of reliable information. 

This finding is strongly aligned with studies emphasizing the 

role of big data and smart service systems in agricultural 

finance. Wu showed that the use of big data technology can 

improve the precision and effectiveness of agricultural 

policy finance and strengthen financial services for rural 

revitalization (Wu, 2022). Similarly, intelligent agricultural 

credit systems based on blockchain and digital technologies 

have been proposed as mechanisms for improving 

transparency, traceability, risk assessment, and loan-

management efficiency (Kumari et al., 2025). These studies 

support the present finding that financial intelligence is not 

merely an administrative innovation, but a decision-support 

mechanism that can improve how agricultural financial 

resources are prioritized, allocated, and monitored. 

The results also showed that government smart financial 

management had a significant direct effect on sustainable 

agricultural development. This finding implies that better 

financial governance can contribute to economic, 

environmental, and social sustainability by supporting 

productivity, resilience, technological modernization, 

efficient input use, environmental protection, and continuity 

of agricultural activities. This result is consistent with 

international evidence regarding the relationship between 

digital finance and green agricultural development. Guo et 

al. found that digital inclusive finance contributes positively 

to agricultural green development by improving financial 

accessibility and facilitating more efficient resource 

allocation (Guo et al., 2024). Ma et al. similarly 

demonstrated that digital inclusive finance can promote 

green agricultural development by strengthening financing 

conditions, innovation capacity, and the adoption of 

sustainable practices (Ma et al., 2024). Pei and Pei also 

emphasized that digital rural development and digital 

inclusive finance can facilitate green agricultural 

transformation (Pei & Pei, 2025). These findings support the 

argument that digitally enabled and intelligently managed 

financial systems can create conditions in which producers 

are better able to invest in sustainable technologies and more 

efficient production methods. 

The positive effect of smart financial management on 

sustainable agricultural development also corresponds with 

the emerging concept of coordinated interaction between 

government intervention, market mechanisms, and digital 

finance. Jiang et al. emphasized the importance of coupling 

coordination between digital inclusive finance and 

sustainable agricultural development and argued that a 

dynamic balance between proactive government and 

effective markets is necessary for sustainable outcomes 

(Jiang et al., 2026). The present findings extend this 

perspective by showing that the quality of government 

financial management itself is an important upstream 

determinant of sustainable agricultural development. The 

result also aligns with evidence on the co-evolution of digital 

inclusive finance and green finance, which suggests that 

financial modernization and sustainability-oriented 

financing can reinforce agricultural green development 

(Wang et al., 2025). Therefore, government financial 

management that integrates digital monitoring, targeted 

support, and sustainability criteria may operate as an 

important institutional driver of agricultural transformation. 

The direct positive effect of smart financial management 

on rural welfare was also statistically significant, although 

its magnitude was smaller than the effects on resource 

management and decision-making quality. This pattern 

suggests that public financial policies can improve rural 

welfare directly, but a substantial proportion of their welfare 

impact occurs through intermediate agricultural and 

managerial mechanisms. This finding is consistent with 

Iranian research showing that monetary and financial 

policies influence farmers' welfare by affecting credit 

conditions, production costs, investment capacity, and 

purchasing power (Karimi Khorrami & Azizi, 2023). 

Similarly, Lotfi et al. reported that monetary policy 

influences rural welfare through channels related to 

household economic conditions and housing status (Lotfi et 

al., 2025). The present findings reinforce the idea that rural 

welfare is responsive to financial policy, while also 

demonstrating that the quality and intelligence of financial 

management are especially important because they influence 

how effectively financial resources are converted into 

livelihood improvements. 

The relatively smaller direct coefficient between smart 

financial management and rural welfare is theoretically 

meaningful. Rural welfare is a complex outcome shaped by 

income stability, employment, household assets, access to 

services, housing conditions, market opportunities, inflation, 

production risks, and broader socioeconomic circumstances. 
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Consequently, financial policy is unlikely to influence 

welfare through a single direct pathway. Instead, the present 

mediation findings indicate that financial policy improves 

welfare partly by improving resource management, 

decision-making quality, and sustainable agricultural 

development. This interpretation is compatible with national 

evidence showing that agricultural support policies have 

implications for productivity, employment, and sectoral 

growth (Gholizadeh et al., 2020; Narouei & Mehrabi 

Basharabadi, 2014; Nematollahi et al., 2016). When 

financial support improves productivity, production 

stability, and employment, rural households are more likely 

to experience sustainable welfare gains. 

Another key finding was the strong positive effect of 

resource management on sustainable agricultural 

development. Among the immediate predictors of 

sustainable agricultural development, resource management 

had the strongest standardized effect. This result indicates 

that sustainable agriculture is fundamentally dependent on 

the efficient use and allocation of scarce productive 

resources. Financial support alone cannot ensure 

sustainability if land, water, capital, labor, energy, and 

technology are not managed efficiently. The finding is 

consistent with the governance literature showing that 

institutional quality and effective governance contribute to 

agricultural productivity by improving incentives, 

coordination, and resource utilization (Liu & Lio, 2008). It 

is also consistent with research on governance components 

in Iran's agricultural sector, which emphasizes economic, 

political, social, and environmental dimensions of effective 

agricultural governance (Ronaghi et al., 2019). Therefore, 

the present findings suggest that the success of agricultural 

financial policies should be evaluated partly according to 

whether they improve the efficiency and sustainability of 

resource use. 

The importance of resource management is particularly 

relevant in Lorestan Province, where agricultural activities 

are highly dependent on natural and productive resources 

and where the rural economy remains closely linked to 

farming, livestock, and horticultural production. Provincial 

agricultural statistics indicate that Lorestan has substantial 

agricultural capacity but also faces structural constraints 

associated with production resources, investment, and 

infrastructure (Lorestan Province & Planning, 2022). 

National rural indicators likewise reveal continuing 

challenges in income, employment, services, and livelihood 

security in rural areas (Statistical Research Center of, 2021). 

In such a context, improvements in financial management 

are most likely to produce sustainable outcomes when they 

are explicitly linked to efficient water use, better land 

management, technological upgrading, productive 

investment, and resource-saving agricultural practices. 

Decision-making quality also had a significant positive 

effect on sustainable agricultural development. This finding 

indicates that evidence-based, systematic, and risk-sensitive 

decision processes are essential for converting financial and 

productive resources into sustainable outcomes. Agriculture 

is characterized by uncertainty arising from climate 

variability, market fluctuations, input prices, production 

risks, and changing policy conditions. Under these 

circumstances, higher-quality decision-making can help 

farmers and institutions prioritize investments, manage risk, 

and allocate resources more effectively. The significance of 

this pathway is consistent with the role of digital finance and 

smart technologies in improving information availability 

and financial decision support (Kumari et al., 2025; Wu, 

2022). It is also related to the role of financial literacy in 

agricultural entrepreneurship. Mohammadi Khiyareh and 

Zivary found that financial literacy is important for 

agricultural entrepreneurial performance and supports more 

effective financial decision-making (Mohammadi Khiyareh 

& Zivary, 2025). Thus, intelligent financial systems are 

likely to be more effective when beneficiaries also possess 

the knowledge and decision capacity required to use 

financial resources productively. 

Both resource management and decision-making quality 

also had significant direct effects on rural welfare. These 

findings imply that welfare improvement depends not only 

on the amount of financial support received but on the 

capacity of households and institutions to manage resources 

and make effective economic decisions. More efficient use 

of production inputs can increase profitability and reduce 

unnecessary expenditure, while better decisions can improve 

investment outcomes, risk management, and income 

stability. This interpretation is compatible with findings 

showing that government support and macroeconomic 

policies influence agricultural employment, productivity, 

and growth (Gholizadeh et al., 2020; Narouei & Mehrabi 

Basharabadi, 2014; Nematollahi et al., 2016). It also 

supports the argument that improved financial literacy and 

managerial capability can strengthen agricultural 

entrepreneurship and household economic resilience 

(Mohammadi Khiyareh & Zivary, 2025). 

Sustainable agricultural development had the strongest 

direct effect on rural welfare, which is one of the most 

important findings of the study. This result demonstrates that 
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improvements in productivity, environmental sustainability, 

resilience, technological capacity, and continuity of 

agricultural production are strongly associated with 

improvements in household income stability, employment, 

economic security, and overall rural well-being. This finding 

is logical because in agriculture-dependent rural 

communities, household welfare is closely tied to the long-

term viability of agricultural production. If agricultural 

development is environmentally unsustainable or 

economically unstable, any short-term increase in income 

may be temporary. By contrast, sustainable agricultural 

systems can create more durable employment, stable 

production, improved resource security, and reduced 

vulnerability to economic and environmental shocks. The 

result is consistent with the broader international literature 

linking green agricultural transformation to financial 

innovation and rural development (Guo et al., 2024; Ma et 

al., 2024; Pei & Pei, 2025). 

The mediation results provide an especially important 

contribution to the study. Resource management and 

decision-making quality significantly mediated the 

relationship between smart financial management and 

sustainable agricultural development, while resource 

management, decision-making quality, and sustainable 

agricultural development mediated the relationship between 

smart financial management and rural welfare. This pattern 

confirms that the effects of public financial policy are 

sequential and mechanism-based. Financial policies first 

influence the quality of resource allocation and decision 

processes, which then shape agricultural sustainability, and 

sustainable agricultural development ultimately influences 

household welfare. This finding is consistent with the public 

financial management principle that the effectiveness of 

government expenditure depends on the chain linking 

strategic allocation to operational performance and final 

outcomes (Kristensen et al., 2019). It also reflects the 

dynamic coordination perspective proposed in recent 

research on digital finance and agricultural sustainability 

(Jiang et al., 2026). 

The explanatory power of the model further supports the 

importance of the proposed framework. Smart financial 

management explained a substantial proportion of variance 

in resource management and decision-making quality, while 

the combined predictors explained a large proportion of 

sustainable agricultural development and rural welfare. This 

suggests that the model captures meaningful institutional 

and managerial determinants of agricultural and rural 

outcomes. The findings reinforce the concept that financial 

management should not be evaluated solely through 

traditional fiscal indicators. Smart financial governance 

must be judged according to whether it improves resource 

efficiency, decision quality, sustainability, and welfare. This 

perspective is compatible with emerging approaches to 

smart financial management that emphasize 

competitiveness, digitalization, transparency, and adaptive 

resource allocation (Taghipour, 2025). 

From a broader governance perspective, the findings also 

emphasize the importance of institutional quality in 

agricultural development. The positive relationships among 

financial management, resource management, decision-

making, and sustainability are consistent with evidence that 

good governance contributes to improved agricultural 

productivity and development outcomes (Liu & Lio, 2008). 

Iranian research has likewise emphasized that agricultural 

governance includes interconnected economic, social, 

political, and environmental dimensions (Ronaghi et al., 

2019). Thus, smart financial management should be viewed 

as part of a broader governance architecture rather than as an 

isolated financial intervention. Its effectiveness depends on 

institutional coordination, accountability, data quality, local 

participation, and the ability to translate financial decisions 

into productive action. 

The results also have particular relevance to the 

socioeconomic structure of rural Iran. Census and rural 

monitoring data show that rural communities continue to 

face structural challenges related to employment, income 

security, service access, and economic vulnerability 

(Statistical Center of, 2016; Statistical Research Center of, 

2021). In such settings, financial interventions that merely 

increase nominal credit or subsidies without improving 

allocation efficiency may have limited long-term welfare 

effects. The present findings suggest that intelligent and 

evidence-based financial management can generate stronger 

outcomes when it is integrated with resource governance and 

decision support. This is particularly important in Lorestan, 

where agricultural development remains central to rural 

livelihoods and where better financial targeting could 

contribute simultaneously to productivity, resilience, 

environmental sustainability, and household welfare 

(Lorestan Province & Planning, 2022). 

Overall, the findings support an integrated interpretation 

of agricultural financial policy. Smart financial management 

strengthens the agricultural sector not simply because it 

increases access to financial resources, but because it can 

improve the quality of allocation, monitoring, prioritization, 

and decision-making. These improvements enhance 

https://journals.kmanpub.com/index.php/jppr/index
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resource efficiency and sustainable agricultural 

development, which in turn contribute to rural welfare. The 

results therefore support the view that future agricultural 

financial policies should be designed as intelligent resource-

governance systems rather than conventional distributive 

programs. Digital finance, green finance, data analytics, 

transparent monitoring, and evidence-based allocation can 

be combined to create a more responsive and sustainable 

financial architecture for agriculture (Guo et al., 2024; Jiang 

et al., 2026; Wang et al., 2025). 

The present study has several limitations that should be 

considered when interpreting the findings. First, the cross-

sectional research design limits the ability to establish 

definitive causal relationships among smart financial 

management, resource management, decision-making 

quality, sustainable agricultural development, and rural 

welfare. Although the structural model was theoretically 

grounded and the observed relationships were statistically 

significant, longitudinal evidence would be required to 

determine how these relationships evolve over time. Second, 

the study relied on self-reported questionnaire data, which 

may be influenced by recall bias, social desirability, and 

individual differences in the perception of government 

policies and welfare conditions. Third, the study was 

conducted only in Lorestan Province, and therefore the 

findings may not be fully generalizable to provinces with 

different climatic, agricultural, institutional, socioeconomic, 

or financial characteristics. Fourth, although the model 

explained a substantial proportion of variance in the main 

outcomes, other potentially important variables such as farm 

size, market access, environmental risk, digital 

infrastructure, institutional trust, household assets, and local 

implementation capacity were not explicitly modeled. 

Finally, the assessment focused on farmers' and rural 

households' perceptions and did not incorporate 

administrative financial records or objective indicators of 

government expenditure and agricultural performance. 

Future studies are recommended to use longitudinal or 

panel designs to examine the dynamic effects of smart 

financial management policies on agricultural sustainability 

and rural welfare over multiple years. Comparative research 

across different provinces could determine whether the 

proposed relationships vary according to agricultural 

structure, climate, rural poverty, infrastructure, or 

institutional capacity. Future models could incorporate 

additional mediating and moderating variables such as 

financial literacy, digital literacy, institutional trust, access 

to markets, farm size, climate vulnerability, and participation 

in agricultural organizations. It would also be useful to 

combine survey data with objective administrative 

indicators, including the volume and timing of agricultural 

credit, subsidy distribution, insurance coverage, 

productivity, water-use efficiency, household income, and 

employment. Experimental or quasi-experimental 

evaluations of specific smart financial programs could 

provide stronger causal evidence. In addition, future 

research could apply machine-learning, multi-criteria 

decision-making, system dynamics, or optimization methods 

to develop operational decision-engineering models for 

prioritizing agricultural financial allocations under resource 

constraints. 

From a practical perspective, policymakers should 

develop integrated smart financial management systems that 

connect agricultural budgeting, credit, subsidies, insurance, 

investment support, and performance monitoring within a 

unified data-driven framework. Financial support should be 

targeted according to measurable agricultural needs, 

resource constraints, sustainability indicators, and household 

vulnerability rather than being distributed primarily through 

uniform or administratively fragmented mechanisms. 

Provincial decision-makers should strengthen digital 

information systems capable of monitoring the destination, 

timing, utilization, and outcomes of public financial 

resources. Particular priority should be given to financing 

projects that improve water-use efficiency, resource 

productivity, sustainable mechanization, climate resilience, 

green technologies, and value-chain development. Financial 

support should also be accompanied by advisory services, 

financial literacy training, and decision-support tools so that 

farmers can use allocated resources more effectively. 

Finally, evaluation systems should assess agricultural 

financial policies not only according to expenditure volume 

or loan disbursement but also according to measurable 

improvements in resource efficiency, sustainable 

production, income stability, employment, livelihood 

resilience, and rural welfare. 
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